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[Abstract] Objective To evaluate the practicality and feasibility of generative large
language models (LLMs) in pharmaceutical practice within the reproductive and obstetrics-
gynecology field, and to provide a reference for pharmacists in the rational application of artificial
intelligence tools. Methods Stratified sampling was adopted to extract outpatient prescriptions
from the Guangxi Zhuang Autonomous Region Reproductive Hospital between 2024 and 2025, as
well as medication consultation questions from the Standardized Manual for Medication
Consultation in Pregnancy and Lactation. Additionally, discharge medication education records of
the above-mentioned hospital were randomly sampled to construct a question bank. DeepSeek,

ChatGPT and Grok were separately used to generate question-answering outputs. A dual-review
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process was performed to systematically evaluate and analyze the responses produced by large language models
(LLMs). Results In prescription review, ChatGPT achieved the highest accuracy (83.3%), followed by Grok
(76.7%) and DeepSeek (73.3%). All three models showed relatively low precision (45.5%-57.1%). DeepSeek and
ChatGPT both achieved 100.0% recall, whereas Grok achieved only 45%. The F1 score was best for ChatGPT
(72.7%). In medication consultation, DeepSeek performed best, with an average score of 2.75 + 0.45. In
medication education, ChatGPT performed best, with an average score of 2.50 + 0.53. Conclusion Generative
LLMs have demonstrated practical utility in pharmaceutical practice in the reproductive and obstetrics-
gynecology domain. However, current models cannot yet replace the professional judgment of pharmacists. A

"human-machine collaborative" model is recommended to ensure medication safety for special populations in

this field.

[Keywords] Large language models; Pharmaceutical practice; Reproductive and obstetrics-gynecology

medicine; Prescription review; Medication counseling; Medication education
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